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Study of Dua Linear Programming Neura Networks
and Selection of ltsLearning Rate
PEI Bing-nan , BAO Zheng
( Key Lab. d Radar Signal Processing, Xidian University , Xi' an, Shaanxi 710071, China)
Abgtract: The research into the propertiesdf neurd networksis made in the framenork of the dud linear programming theory.

The variation range of a Hesdan matrix aswell asthat of learning rate of the networksis corfined by meansdf the eigenvalue. A Lips
chith condant based formulafor the agorithni s convergence is gven. Smulation is gven to illudrate that the theory is correct and the

formua gven is dficacious.
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